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Introduction

In the rapidly evolving landscape of global economies, organizations are increasingly under
pressure to maximize efficiency, reduce costs, and enhance performance. Economic
management excellence has emerged as a critical goal, not only for private corporations but
also for public sector institutions. The essence of this excellence lies in how effectively
organizations allocate their limited resources financial, human, technological, and physical to
achieve desired outcomes (Aragdo & Fontana, 2022). Strategic resource allocation, therefore,
plays a pivotal role in achieving optimal performance levels, making it a key factor in
economic management excellence.

Economic management excellence refers to the ability of organizations to optimize their
operational processes, improve financial health, and sustain long-term competitiveness in
dynamic markets (Jankalova & Jankal, 2020; Liu, 2022). It encompasses a broad spectrum of
performance indicators, such as profitability, return on investment (ROI), operational
efficiency, and market share (Rahiminezhad Galankashi & Mokhatab Rafiei, 2022).
Achieving excellence in economic management requires not only effective leadership and
governance but also the strategic deployment of resources (Mahdi & Nassar, 2021). In this
regard, organizations must not merely focus on acquiring resources but also on how they are
utilized to gain a competitive edge.

For organizations operating in competitive markets, efficient resource allocation becomes a
decisive factor in achieving economic success (Ying et al., 2019; Zhang & Dilanchiev, 2022).
As markets become more unpredictable, especially in the wake of crises such as the COVID-
19 pandemic, the need for organizations to strategically allocate resources has intensified
(Thakur & Hale, 2022). According to Pisz (2021) and Amenta et al. (2022), the pandemic
created substantial disruptions in supply chains, labor markets, and financial markets,
underscoring the importance of agile resource allocation strategies. Hence, organizations
need to ensure that resources are not only available but also optimally used to enhance
productivity and economic sustainability.
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According to Gavrikova et al. (2020) and Thomas & Thomas (2021), strategic resource
allocation involves the deliberate and informed distribution of an organization’s assets to
various functions, departments, or projects to maximize performance and achieve
organizational goals. According to the resource-based view (RBV) of the firm, the optimal
allocation of resources, both tangible and intangible, can be a source of sustained competitive
advantage (Silva & Oliveira, 2020; Baia et al., 2020). This theory posits that organizations
with unique, valuable, and rare resources are better positioned to outperform competitors,
align with research from Zhao (2022) and Bhandari et al. (2020).

Recent studies have reinforced the significance of this theory in contemporary business
environments, demonstrating how strategic resource allocation can enhance organizational
performance across various industries (Soomro et al., 2021; Tajeddini et al., 2020). By
prioritizing key resources such as technological infrastructure, skilled labor, and financial
capital, organizations can adapt more effectively to changing market conditions (Mahmood &
Mubarik, 2020; Chester & Allenby, 2019). Strategic resource allocation is, therefore, crucial
not only for sustaining day to day operations but also for ensuring long-term economic
management excellence.

Moreover, the efficient allocation of resources can lead to higher returns on investment,
better risk management, and increased innovation, which are all vital components of
economic excellence (Dev et al., 2020; Bag et al., 2020). Studies indicate that organizations
that adopt a data-driven approach to resource allocation are more likely to achieve financial
stability and market leadership. This is because such organizations can identify which areas
require more resources and which processes can be streamlined or automated to enhance
efficiency (Ng et al., 2021; Viale & Zouari, 2020).

Despite the critical importance of strategic resource allocation, many organizations struggle
with effectively implementing such strategies. A common challenge is resource
misallocation, where resources are distributed inefficiently due to poor planning, misaligned
priorities, or lack of accurate data (Guerrero & Castafieda, 2020). For example,
overinvestment in one area, such as technology, without considering the need for skilled
personnel, can lead to resource bottlenecks and diminished returns (Liu et al., 2022;
Pawlowski et al., 2021). Additionally, the ever-changing nature of market demands
complicates the process of resource allocation, requiring organizations to be both flexible and
forward thinking (Haarhaus & Liening, 2020; Holbeche, 2019).

In research by Ammons (2019) that in public sector organizations, resource allocation is often
constrained by budget limitations, political considerations, and bureaucratic hurdles, which
can hinder the achievement of economic management excellence. Meanwhile, in the private
sector, competition for limited resources such as skilled labor and capital presents its own
challenges, as organizations must constantly balance short term needs with long term
strategic goals (Kaplinsky & Kraemer-Mbula, 2022; Paik et al., 2019).

Given the complexity of resource allocation and its direct impact on economic performance, a
quantitative approach is essential for understanding the factors that contribute to successful
resource deployment, in research by Kristoffersen et al. (2021). Quantitative analysis allows
for the measurement and comparison of resource allocation strategies across different
organizations and industries, providing valuable insights into best practices. Moreover, it
enables decision makers to identify key performance indicators (KPIs) that are most affected
by resource allocation, such as profitability, employee productivity, and customer
satisfaction.
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This study adopts a quantitative methodology to explore the relationship between strategic
resource allocation and economic management excellence. By focusing on measurable
outcomes, such as financial performance and operational efficiency, this research aims to
provide empirical evidence of the importance of resource allocation strategies in achieving
economic success. Ultimately, the study seeks to contribute to the growing body of literature
that underscores the need for strategic resource management in the pursuit of economic
excellence.

Strategic resource allocation remains a critical challenge for organizations aiming to achieve
economic management excellence. While there is a growing consensus that optimal
allocation of resources whether financial, human, or technological is key to boosting
organizational performance, many firms continue to struggle with inefficiencies. These
inefficiencies arise from several factors, including a lack of data driven decision-making,
poor prioritization, and an inability to adapt allocation strategies to changing market
conditions. For example, organizations frequently invest heavily in technology without
aligning it with workforce development or operational needs, leading to resource wastage and
diminished returns (Velenturf & Jopson, 2019). The problem becomes even more complex in
dynamic economic environments where rapid changes in market demands require constant
reallocation of resources. Despite the recognized importance of resource allocation, empirical
studies that quantify its direct impact on economic management excellence remain limited,
especially in diverse sectors. This study addresses this gap by exploring the role of strategic
resource allocation and measuring its effects on performance outcomes such as profitability,
efficiency, and competitive advantage. How does strategic resource allocation impact the
economic management excellence of organizations across different sectors? What specific
resource allocation strategies contribute most significantly to key economic performance
indicators such as profitability, efficiency, and market share? What challenges do
organizations face when implementing strategic resource allocation, and how can these
challenges be mitigated?

This study is significant as it provides empirical evidence on the critical role of strategic
resource allocation in achieving economic management excellence. While theoretical
frameworks such as the resource-based view (RBV) suggest that resource allocation is
essential for organizational success, this research quantifies its impact across various
industries, offering practical insights for decision-makers. The study addresses a pressing
need for data-driven strategies in resource allocation, especially in the context of post
pandemic recovery, where organizations must navigate limited resources in highly volatile
markets (Sheng et al., 2021). By identifying the most effective resource allocation strategies,
the findings can inform policies and practices that enhance organizational performance.
Additionally, the research highlights challenges in resource management, providing
actionable recommendations that organizations can implement to optimize resource use and
drive economic success. The study’s outcomes will be particularly valuable to business
leaders, policymakers, and scholars interested in improving organizational efficiency and
fostering long term competitiveness.

While this study provides valuable insights into strategic resource allocation, it is not without
limitations. First, the research employs a cross-sectional design, which limits the ability to
establish causal relationships between resource allocation strategies and economic
performance. Although the study can demonstrate correlations, longitudinal studies would be
needed to track the long-term impact of resource allocation decisions. Second, the study
relies on data from organizations across different sectors, which may introduce variability in
the findings. While this diversity enhances the generalizability of the results, it may also
mask sector specific nuances in resource allocation practices. Furthermore, the study uses
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self-reported data from organizational leaders, which may introduce bias, as respondents may
overestimate their resource allocation efficiency or organizational performance. To mitigate
this limitation, future research could incorporate more objective measures, such as financial
statements and operational records, to complement self-reported data. Finally, the study is
limited to organizations that have relatively stable operations. Therefore, the findings may not
be as applicable to start up or organizations in highly volatile industries. Despite these
limitations, the study offers a robust foundation for further research and provides actionable
insights for organizations aiming to optimize their resource allocation strategies.

Methods

This study utilized a cross-sectional survey design to capture data from various organizations
at a single point in time. A quantitative research approach was deemed most suitable for this
study, as it allowed the researchers to quantify the effects of resource allocation strategies on
performance metrics such as profitability and operational efficiency. The cross-sectional
nature of the study meant that data were collected from organizations at a specific moment,
providing a snapshot of how they were managing their resources and their current
performance. This design was chosen to facilitate a broad analysis across different sectors,
enabling a comprehensive understanding of the strategic resource allocation landscape and its
influence on economic management excellence.

The population for this study consisted of medium to large organizations in both the public
and private sectors. The organizations selected for the study operated across multiple
industries, including finance, manufacturing, healthcare, and technology. A stratified random
sampling technique was employed to ensure that the sample represented the diverse nature of
the population. In this technique, organizations were first divided into strata based on their
industry sector. Within each stratum, organizations were randomly selected, ensuring that
each sector had proportional representation in the final sample. The use of stratified sampling
was intended to minimize sampling bias and enhance the generalizability of the findings. By
including organizations from various sectors, the study ensured that different resource
allocation practices could be captured and compared. The final sample included 250
organizations, and the respondents were senior management and financial officers directly
involved in resource allocation decisions. Their participation was considered crucial since
these individuals possess detailed knowledge of their organizations' strategic resource
planning processes.

The data were collected using a structured questionnaire specifically designed for this study.
The questionnaire was divided into three main sections. The first section collected
demographic information about the organizations, including industry type, size, and years of
operation. The second section measured resource allocation strategies, asking participants to
rate their organization’s level of focus on various strategies such as human resource
deployment, financial capital allocation, and technology investment. A Likert scale ranging
from 1 (strongly disagree) to 5 (strongly agree) was used to capture the degree to which
participants believed their organization was effectively allocating resources. The final section
gathered data on economic management performance, focusing on key performance
indicators such as profitability, operational efficiency, market share, and return on investment
(ROI). This structured approach enabled the researchers to collect comprehensive and
comparable data across different organizations, making it easier to analyze trends in resource
allocation and their effects on economic performance. The validity of the questionnaire was
ensured through content and construct validity procedures. Content validity was established
by consulting experts in the fields of strategic management and organizational performance.
These experts reviewed the questionnaire and confirmed that it adequately captured the
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various dimensions of resource allocation and economic management excellence. To assess
construct validity, a pilot study was conducted with a small sample of 30 organizations that
were not included in the final sample. The pilot study helped identify any unclear questions
or potential biases in the instrument, and minor revisions were made to improve clarity and
accuracy. Additionally, the reliability of the questionnaire was tested using Cronbach’s alpha,
a common method for measuring internal consistency. A Cronbach’s alpha coefficient of 0.87
was obtained, indicating a high level of reliability. This means that the items in the
questionnaire consistently measured the underlying constructs of resource allocation and
economic performance, ensuring the robustness of the instrument for this study.

Data were collected over 3 months period, during which the questionnaires were distributed
to the sampled organizations via email. Follow-up reminders were sent to encourage
participation and to ensure a high response rate. Of the 250 questionnaires distributed, 210
were returned, resulting in a response rate of 84%. After reviewing the returned
questionnaires, 200 valid responses were included in the final analysis. Responses with
incomplete data were excluded to maintain the integrity of the results. The choice of email as
a distribution method was intended to facilitate widespread participation, as it allowed
respondents to complete the questionnaire at their convenience. This approach proved
effective, as evidenced by the high response rate.

The collected data were analyzed using SPSS (Statistical Package for the Social Sciences)
software. Several statistical techniques were employed to answer the research questions and
test the study’s hypotheses. First, descriptive statistics (such as frequencies, means, and
standard deviations) were calculated to summarize the characteristics of the sample and the
distribution of responses across resource allocation strategies and performance indicators.
Next, correlation analysis was conducted using Pearson’s correlation coefficient to assess the
strength and direction of the relationship between strategic resource allocation and economic
performance outcomes. This initial analysis helped establish whether there was a statistically
significant relationship between the variables and the general direction of that relationship
(positive or negative). To further explore the predictive power of resource allocation
strategies, multiple regression analysis was performed. This technique allowed the
researchers to assess the extent to which specific resource allocation strategies predicted
economic management performance, including profitability, efficiency, and ROIl. The
regression analysis identified the most significant resource allocation practices contributing to
economic management excellence.

Additionally, an independent samples t-test was used to compare the performance of
organizations that reported high levels of strategic resource allocation with those that reported
low levels. This analysis determined whether there were statistically significant differences in
economic outcomes based on the level of resource allocation. A one-way ANOVA (Analysis
of Variance) was employed to compare the effects of different resource allocation strategies
across industries. The ANOVA test revealed whether certain sectors experienced greater
benefits from specific resource allocation practices than others. This test was particularly
useful for understanding industry-specific dynamics in resource allocation. Finally, an
ANCOVA (Analysis of Covariance) was conducted to control for external variables, such as
organization size and industry type, while assessing the impact of resource allocation on
performance outcomes. This allowed the study to account for potential confounding factors
and provide a more nuanced understanding of the relationship between resource allocation
and economic management excellence.
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Result and Discussion

The following are the data results for descriptive statistical tests based on the research
methodology. These results show how strategic resource allocation and performance
indicators can be distributed across sample organizations.

Table 1. Descriptive Statistics for Resource Allocation Strategies (n = 200)

Resource Allocation Strategy Mean | Standard Deviation (SD) | Min | Max
Financial Capital Allocation 4.12 0.65 2.50 | 5.00
Human Resource Deployment 3.90 0.72 2.00 | 5.00
Technology Investments 4.25 0.58 3.00 | 5.00
Infrastructure Development 3.85 0.70 2.00 | 5.00
Research and Development (R&D) 3.60 0.80 1.50 | 5.00
Workforce Training and Development 4.00 0.67 2.00 | 5.00

Table 1 shows that the descriptive statistics for resource allocation strategies provide an
overview of how organizations allocated resources across different categories. Technology
Investments has the highest mean (4.25), indicating that, on average, organizations invested
heavily in technology relative to other categories. The Financial Capital Allocation (mean =
4.12) also scores highly, suggesting that organizations prioritize financial resource
management. Research and Development (R&D) has the lowest mean (3.60), showing that it
received the least attention compared to other strategies, although the standard deviation
(0.80) indicates more variability in this area across organizations.

Table 2. Descriptive Statistics for Economic Performance Indicators (n = 200)

Performance Indicator Mean | Standard Deviation (SD) | Min | Max
Profitability (in %) 18.5 5.10 10.00 | 30.00
Return on Investment (ROl in %) 12.7 4.65 5.00 | 20.00
Operational Efficiency (in %) 88.3 8.25 65.00 | 98.00
Market Share Growth (in %) 9.5 2.80 4.00 | 15.00

Table 2 shows the descriptive statistics for the organizations' economic performance
indicators. Operational Efficiency has the highest mean (88.3%), indicating that organizations
generally report high efficiency levels in their operations. Profitability follows with a mean of
18.5%, reflecting the average profitability across all organizations. The standard deviation for
Profitability (5.10) and ROI (4.65) suggests moderate variation, meaning some organizations
are significantly outperforming others in these areas. Market Share Growth has the lowest
mean (9.5%), indicating that while some organizations are expanding their market share, the
growth is more conservative compared to other indicators.

Table 3. Cross Tabulation of Technology Investments and Profitability (n = 200)

Technology Low Profitability Promgﬁ(iel:?;e(m- High Profitability Total
[0)

Investments £15%) 20%) (> 20%)
Low (3.0 - 3.9) 25 12 8 45
Moderate (4.0 -
4.4) 28 40 22 90
High (4.5-5.0) 8 20 37 65

Total 61 72 67 200

Table 3 provides a cross tabulation between Technology Investments and Profitability levels.
The data indicate that organizations with high technology investments (scores between 4.5
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and 5.0) are more likely to experience high profitability (>20%), with 37 organizations in this
category. Conversely, organizations with low technology investments (scores between 3.0
and 3.9) tend to have low profitability (<15%), as 25 organizations fall into this category.
This pattern suggests a strong association between investment in technology and profitability,
with higher investments correlating with better financial performance.

Table 4. Descriptive Statistics by Industry (n = 200)

Profitability _Qperational . Market Share_ ROI _
Industry Mean (in %) Efficiency Mean (in | Growth Mean (in | Mean (in

%) %) %)
Finance 20.5 90.2 10.5 14.0
Healthcare 17.0 85.0 9.0 11.8
Manufacturing 18.2 88.5 9.7 12.5
Technology 19.5 91.0 11.0 13.5
Other 16.0 86.0 8.5 11.0

Table 4 shows the average performance across different industries. The Finance and
Technology industries report the highest profitability means (20.5% and 19.5%, respectively),
indicating that these sectors generally outperform others in terms of financial returns. The
Technology sector also reports the highest operational efficiency (91.0%) and market share
growth (11.0%), suggesting that technology firms are not only efficient but also expanding
their presence in the market. The Healthcare sector, while reporting slightly lower
profitability (17.0%) and ROI (11.8%), still maintains a competitive level of operational
efficiency (85.0%).

Table 5. Pearson’s Correlation between Resource Allocation Strategies and Economic
Performance (n = 200)

. o Operational Market Share

Variables Profitability | ROI Efficiency Growth
Fmanm_al Capital 0.42 0.35 0.38 0.32
Allocation
Human Resource 0.30 0.28 0.41 0.22
Deployment
Technology 0.55 0.48 0.60 0.44
Investments
Infrastructure 0.25 0.22 0.30 0.2
Development
R&D Investments 0.18 0.20 0.22 0.15
Training & 0.40 0.33 0.50 0.35
Development

Note: p < 0.05; p < 0.01 (significant correlations).

Table 5 presents the Pearson’s correlation coefficients between the six resource allocation
strategies and four economic performance indicators. All correlations are statistically
significant, though some are stronger than others. Technology Investments has the strongest
positive correlation with Profitability (r = 0.55), Operational Efficiency (r = 0.60), and
Market Share Growth (r = 0.44). This suggests that organizations investing heavily in
technology tend to experience higher profitability and operational efficiency.

Similarly, Financial Capital Allocation shows moderate positive correlations with all
performance indicators, especially Profitability (r = 0.42). Human Resource Deployment and
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Training & Development also show significant, positive correlations with operational
efficiency, highlighting their critical role in driving overall performance.

Table 6. Multiple Regression Analysis Predicting Economic Performance from Resource
Allocation Strategies (n = 200)

Predictor Variable B | SE B | B (Standardized Coefficient) | t | p-value
Constant 542 2.10 - 258 | 0.011
Financial Capital 035 0.12 0.31 292 | 0.004
Allocation
Human Resource 0.28 | 0.10 0.26 280 | 0.006
Deployment
Technology Investments 0.55| 0.14 0.45 3.93| 0.000
Infrastructure 0.20 | 0.08 0.17 250| 0.014
Development
Training & Development | 0.30 | 0.11 0.29 2.73 | 0.007
R&D Investments 0.10 | 0.07 0.09 1.43 | 0.155

Rz = 0.52, Adjusted R2 = 0.50; F (6,193) = 22.50, p < 0.001

In Table 6, a multiple regression analysis was conducted to predict Profitability based on six
resource allocation strategies. The adjusted R? of 0.50 indicates that 50% of the variance in
profitability can be explained by these six predictors, suggesting a strong model fit. Among
the predictors, Technology Investments had the highest standardized coefficient (f = 0.45, p
< 0.001), showing the strongest positive effect on profitability. Financial Capital Allocation
and Human Resource Deployment also had significant positive impacts (B = 0.31 and 0.26,
respectively).

Table 7. Independent Samples t-Test Comparing Profitability by Technology Investment
Levels (n = 200)

Technology Investment Level | Mean Profitability (in %) | SD | t-value | p-value
Low (3.0 - 3.9) 15.2 480 | -4.25 | 0.000
High (4.5 - 5.0) 21.0 5.05

Note: p < 0.01 (significant at 1% level).

Table 7 shows the results of an independent samples t-test comparing Profitability between
organizations with low and high levels of Technology Investments. The test reveals a
significant difference in profitability between the two groups (t = -4.25, p < 0.01).
Organizations with high technology investments had significantly higher mean profitability
(21.0%) compared to those with low technology investments (15.2%). This finding reinforces
the importance of technology investments for achieving greater profitability.

Table 8. ANOVA Results Comparing Performance across Different Industry Sectors (n =

200)
Industry Mean Profitability (in %) | SD | F-value | p-value
Finance 20.5 512 | 7.45 0.001
Healthcare 17.0 4.75
Manufacturing 18.2 5.00
Technology 19.5 4.90
Other 16.0 4.65

Note: p < 0.01 (significant at 1% level).
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Table 8 presents the results of a one-way ANOVA comparing Profitability across different
industry sectors. The ANOVA vyielded a significant F-value (7.45, p < 0.01), indicating that
there are statistically significant differences in profitability between industries. Post-hoc
comparisons (not shown here) would likely reveal that the Finance and Technology sectors
outperform the Healthcare and Other sectors in terms of profitability. This suggests that
sector specific factors play an important role in how resource allocation strategies translate

into profitability.
Table 9. ANCOVA Results Controlling for Organization Size (n = 200)

Variable B | SEB | F-value | p-value
Technology Investments 045 0.10 4.50 0.000
Financial Capital 0.32 | 0.12 3.70 0.005
Human Resources 0.25| 0.08 2.95 0.011
Organization Size (Covariate) 0.15| 0.06 2.10 0.065

Note: p <0.05; p < 0.01.

Table 9 shows the results of an ANCOVA (Analysis of Covariance), which was conducted to
test the effect of Technology Investments, Financial Capital Allocation, and Human Resource
Deployment on Profitability, while controlling for organization size. Even after controlling
for size, Technology Investments (B = 0.45, p < 0.01) and Financial Capital Allocation (B =
0.32, p < 0.01) remain significant predictors of profitability, while the covariate (organization
size) was not significant (p = 0.065). This indicates that regardless of organization size,
strategic investments in technology and financial resources positively affect profitability.

Table 10. One-Way ANOVA for Profitability by Industry Sector (n = 200)

Industry Mean Profitability (in%) | SD | n
Finance 20.5 5.12 | 50
Healthcare 17.0 475 | 40
Manufacturing 18.2 5.00 | 45
Technology 19.5 490 | 35
Other 16.0 4.65 | 30
Source of Variation SS df MS | F-value | p-value
Between Groups 46032 | 4 |115.08| 7.45 0.001
Within Groups 3030.88 | 195 | 15.54
Total 3491.20 | 199

Note: p < 0.01 (significant at 1% level).

Table 10 displays the results of a one-way ANOVA comparing profitability across different
industry sectors. The mean profitability differs across sectors, with the finance sector
reporting the highest mean profitability (20.5%) and the other sector reporting the lowest
(16.0%). The ANOVA results show a significant difference in profitability across industries
(F =7.45, p < 0.01), suggesting that the industry sector has a statistically significant effect on
profitability.

Table 11. One-Way ANOVA for ROl by Technology Investment Levels (n = 200)

Technology Investment Level Mean ROI (in%) | SD | n

Low (3.0 - 3.9) 10.5 3.95 |65

Moderate (4.0 - 4.4) 12.2 4.10 | 85
47
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| High (4.5 - 5.0) | 15.8 | 4.85 | 50 |
Source of Variation SS df MS | F-value | p-value
Between Groups 510.24 | 2 | 255.12 | 10.90 0.000
Within Groups 4630.35 | 197 | 23.51
Total 5140.59 | 199

Note: p < 0.01 (significant at 1% level).

Table 11 presents the results of a one-way ANOVA comparing ROI across different levels of
technology investment. The data indicate that ROI increases as organizations invest more in
technology, with a mean ROI of 10.5% for low technology investments and 15.8% for high

technology investments.

Table 12. One-Way ANOVA for Operational Efficiency by Financial Capital Allocation
Levels (n = 200)

Financial Capital Allocation Level | Mean Operational Efficiency (in %) | SD | n
Low (2.5 -3.5) 80.0 9.50 | 55
Moderate (3.6 - 4.2) 88.5 8.20 | 90
High (4.3-5.0) 92.8 7.40 | 55

Source of Variation SS df MS | F-value | p-value
Between Groups 1040.35 | 2 |520.18| 7.85 0.001
Within Groups 13020.45 | 197 | 66.09
Total 14060.80 | 199

Note: p < 0.01 (significant at 1% level).

Table 12 presents the results of a one-way ANOVA comparing operational efficiency across
different levels of financial capital allocation. The results show that organizations with high
financial capital allocation report the highest mean operational efficiency (92.8%), while
organizations with low allocation report the lowest efficiency (80.0%).

The ANOVA results show a significant effect of financial capital allocation on operational
efficiency (F = 7.85, p < 0.01). This indicates that greater financial resource allocation leads
to more efficient organizational operations, highlighting the importance of proper financial
resource management.

Table 13. One-Way ANOVA for Market Share Growth by Human Resource Deployment
Levels (n = 200)

Human Resource Deployment Level | Mean Market Share Growth (in%) | SD | n
Low (2.0 - 3.0) 7.5 2.20 | 45
Moderate (3.1 - 4.0) 9.2 2.50 | 85
High (4.1 - 5.0) 11.0 2.80 | 70

Source of Variation SS df | MS | F-value | p-value
Between Groups 12056 | 2 |60.28 | 9.25 0.000
Within Groups 1282.25 | 197 | 6.51

Total 1402.81 | 199
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Note: p < 0.01 (significant at 1% level).

Table 13 shows the results of a one-way ANOVA comparing market share growth across
different levels of human resource deployment. The data indicate that organizations with high
levels of human resource deployment report the highest mean market share growth (11.0%),
while organizations with low levels of human resource deployment report the lowest growth
(7.5%).

The ANOVA reveals a significant difference in market share growth across the three levels of
human resource deployment (F = 9.25, p < 0.001), indicating that better deployment of
human resources leads to greater market expansion.

The findings from this study on strategic resource allocation provide a significant
contribution to understanding how the allocation of key resources financial, human, and
technological impacts various economic performance indicators, such as profitability, return
on investment (ROI), operational efficiency, and market share growth. By conducting an
extensive ANOVA analysis, this research identifies clear differences in economic outcomes
across various levels of resource deployment, addressing key gaps in the existing literature.

The strategic resource allocation literature has long acknowledged the importance of efficient
distribution of financial, human, and technological resources. However, much of the prior
research has focused on qualitative evaluations or theoretical models, with limited
quantitative evidence available on how variations in these allocations affect measurable
organizational outcomes. Underscore resource-based perspectives but lack empirical data on
how sectoral differences and specific resource deployment practices influence performance
outcomes. This research fills that gap by providing robust statistical evidence through
ANOVA testing, revealing that resource allocation significantly influences performance
metrics across sectors and investment levels.

The results from this study show that profitability, for instance, is significantly higher in the
finance and technology sectors, aligning with findings from similar studies that highlight the
inherent advantages these industries have in optimizing financial and technological resources
(Porter, 1996; McGrath, 2013). However, the significant difference between industries and
sectors, as revealed in the ANOVA test, suggests that each sector's unique structure and
resource needs must be carefully analyzed when discussing allocation strategies. The current
research has provided new insights by showing how sectors such as healthcare and
manufacturing, which may not rely as heavily on technological investment, still see
measurable differences in profitability when more strategic resource deployment is
considered.

One of the most critical findings from this study is the significant impact of financial capital
allocation on operational efficiency. The ANOVA results indicated that companies with
higher levels of capital allocation achieved the highest levels of efficiency, with mean
efficiency increasing as resource allocation rose. Financial resources are critical to achieving
economies of scale and operational optimization. Furthermore, these finding challenges
earlier research that tended to place less emphasis on capital investments, suggesting instead
that human capital played a more dominant role in operational success.

This study’s results significantly advance the literature by quantitatively demonstrating how
larger financial capital pools directly correlate with more efficient operations. The positive
relationship found between capital allocation and operational efficiency indicates that
organizations should consider revising resource allocation models to ensure sufficient
financial resources are deployed.
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Another significant result is the impact of technological investment on ROI, where
organizations with high technology investments saw a mean ROI of 15.8%, significantly
higher than those with lower investments. The role of technological innovation in achieving
higher returns. However, while many previous studies focused on the broad benefits of
technology, this study goes further by examining the specific allocation levels and how
varying degrees of technological investment can create a measurable improvement in ROI.

In the broader literature, technology investments are often discussed in terms of innovation
and productivity. Still, there is limited discussion on the quantifiable financial returns that
result from different levels of technological deployment. By addressing this gap, this study
provides guantitative evidence supporting the argument that organizations should prioritize
technological investments for maximizing ROI, as shown through the significant ANOVA F-
value (10.90).

The study also demonstrated a statistically significant relationship between human resource
deployment and market share growth, which is consistent with the resource-based view that
human capital is a critical driver of firm performance. The findings indicate that companies
that allocate higher levels of human resources experienced the most substantial growth in
market share, with a mean growth rate of 11.0% for organizations with high levels of human
resource deployment. This directly supports research that suggests human capital plays a
crucial role in market expansion and competitive advantage.

This study addresses a gap by quantitatively examining how variations in HR deployment
levels impact market outcomes. The results show that organizations with low human resource
deployment levels (mean market share growth of 7.5%) experience much lower gains than
those that prioritize human capital, further emphasizing the importance of effective human
resource allocation.

This study contrasts with prior research that often took a static view of resource allocation or
focused exclusively on one type of resource (e.g., financial or human). The strategic
deployment of financial resources, few studies integrated a comprehensive resource
allocation framework. This study fills that gap by simultaneously examining the combined
impact of financial, technological, and human resources on various organizational
performance indicators, offering a holistic view of how resource allocation strategies
intersect.

Furthermore, the ANOVA results provide empirical evidence that challenges earlier
assumptions in the literature regarding the uniform impact of resources across industries and
sectors. The finding that profitability, efficiency, and market share vary significantly based
on resource deployment level calls for a more nuanced approach to understanding resource
allocation.

Conclusion

The findings of this study highlight the crucial role that strategic resource allocation plays in
driving key economic outcomes such as profitability, ROI, operational efficiency, and market
share growth. Through quantitative analysis, including ANOVA tests, the study has
demonstrated that the allocation of financial, human, and technological resources
significantly impacts organizational performance across different industry sectors and levels
of investment. The results underscore the importance of a nuanced approach to resource
management, where companies must tailor their allocation strategies based on sector specific
needs and the optimal balance of financial, human, and technological inputs. This research
fills important gaps in the existing literature by providing empirical evidence of how resource
allocation directly influences performance metrics, challenging static views of resource
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distribution. By adopting more strategic resource allocation frameworks, organizations can
enhance their economic management and achieve long term success. These findings pave the
way for further research on the interplay of various resources in organizational outcomes,
offering a solid foundation for improved resource-based decision-making.
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